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The influence of technology in the real world has opened the door for emerging artificial intelligence and machine learning courses. Free online AI and ML
courses help beginners mould their careers as ...
Enroll Today: A Run-Down on Top Free AI and ML Courses in 2021
Some topics covered will include statistical inference and random processes ... Free This course from Stanford University can be found on Coursera.org and
is for advanced learners who want ...
Best Online Math Courses
For other course offerings or language versions in this series, just search 'ART of the MOOC' in the Coursera catalog. This course describes Bayesian
statistics, in which one's inferences about ...
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Causal inference, counterfactuals, 3. Strategies for managing data quality. 4. Bias and confounding 5. Contrasting machine learning versus classical
statistical inference Course promo: https://www ...

A general framework for constructing and using probabilistic models of complex systems that would enable a computer to use available information for
making decisions. Most tasks require a person or an automated system to reason—to reach conclusions based on available information. The framework of
probabilistic graphical models, presented in this book, provides a general approach for this task. The approach is model-based, allowing interpretable
models to be constructed and then manipulated by reasoning algorithms. These models can also be learned automatically from data, allowing the approach
to be used in cases where manually constructing a model is difficult or even impossible. Because uncertainty is an inescapable aspect of most real-world
applications, the book focuses on probabilistic models, which make the uncertainty explicit and provide models that are more faithful to reality. Probabilistic
Graphical Models discusses a variety of models, spanning Bayesian networks, undirected Markov networks, discrete and continuous models, and extensions
to deal with dynamical systems and relational data. For each class of models, the text describes the three fundamental cornerstones: representation,
inference, and learning, presenting both basic concepts and advanced techniques. Finally, the book considers the use of the proposed framework for causal
reasoning and decision making under uncertainty. The main text in each chapter provides the detailed technical development of the key ideas. Most
chapters also include boxes with additional material: skill boxes, which describe techniques; case study boxes, which discuss empirical cases related to the
approach described in the text, including applications in computer vision, robotics, natural language understanding, and computational biology; and
concept boxes, which present significant concepts drawn from the material in the chapter. Instructors (and readers) can group chapters in various
combinations, from core topics to more technically advanced material, to suit their particular needs.
Developed from celebrated Harvard statistics lectures, Introduction to Probability provides essential language and tools for understanding statistics,
randomness, and uncertainty. The book explores a wide variety of applications and examples, ranging from coincidences and paradoxes to Google
PageRank and Markov chain Monte Carlo (MCMC). Additional
In this concise book you will learn what you need to know to begin assembling and leading a data science enterprise, even if you have never worked in data
science before. You'll get a crash course in data science so that you'll be conversant in the field and understand your role as a leader. You'll also learn how
to recruit, assemble, evaluate, and develop a team with complementary skill sets and roles. You'll learn the structure of the data science pipeline, the goals of
each stage, and how to keep your team on target throughout. Finally, you'll learn some down-to-earth practical skills that will help you overcome the
common challenges that frequently derail data science projects.
Now in its third edition, this classic book is widely considered the leading text on Bayesian methods, lauded for its accessible, practical approach to
analyzing data and solving research problems. Bayesian Data Analysis, Third Edition continues to take an applied approach to analysis using up-to-date
Bayesian methods. The authors—all leaders in the statistics community—introduce basic concepts from a data-analytic perspective before presenting
advanced methods. Throughout the text, numerous worked examples drawn from real applications and research emphasize the use of Bayesian inference in
practice. New to the Third Edition Four new chapters on nonparametric modeling Coverage of weakly informative priors and boundary-avoiding priors
Updated discussion of cross-validation and predictive information criteria Improved convergence monitoring and effective sample size calculations for
iterative simulation Presentations of Hamiltonian Monte Carlo, variational Bayes, and expectation propagation New and revised software code The book
can be used in three different ways. For undergraduate students, it introduces Bayesian inference starting from first principles. For graduate students, the
text presents effective current approaches to Bayesian modeling and computation in statistics and related fields. For researchers, it provides an assortment of
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Bayesian methods in applied statistics. Additional materials, including data sets used in the examples, solutions to selected exercises, and software
instructions, are available on the book’s web page.
Statistical Rethinking: A Bayesian Course with Examples in R and Stan builds readers’ knowledge of and confidence in statistical modeling. Reflecting the
need for even minor programming in today’s model-based statistics, the book pushes readers to perform step-by-step calculations that are usually
automated. This unique computational approach ensures that readers understand enough of the details to make reasonable choices and interpretations in
their own modeling work. The text presents generalized linear multilevel models from a Bayesian perspective, relying on a simple logical interpretation of
Bayesian probability and maximum entropy. It covers from the basics of regression to multilevel models. The author also discusses measurement error,
missing data, and Gaussian process models for spatial and network autocorrelation. By using complete R code examples throughout, this book provides a
practical foundation for performing statistical inference. Designed for both PhD students and seasoned professionals in the natural and social sciences, it
prepares them for more advanced or specialized statistical modeling. Web Resource The book is accompanied by an R package (rethinking) that is available
on the author’s website and GitHub. The two core functions (map and map2stan) of this package allow a variety of statistical models to be constructed
from standard model formulas.
Introduction to Data Science: Data Analysis and Prediction Algorithms with R introduces concepts and skills that can help you tackle real-world data
analysis challenges. It covers concepts from probability, statistical inference, linear regression, and machine learning. It also helps you develop skills such as
R programming, data wrangling, data visualization, predictive algorithm building, file organization with UNIX/Linux shell, version control with Git and
GitHub, and reproducible document preparation. This book is a textbook for a first course in data science. No previous knowledge of R is necessary,
although some experience with programming may be helpful. The book is divided into six parts: R, data visualization, statistics with R, data wrangling,
machine learning, and productivity tools. Each part has several chapters meant to be presented as one lecture. The author uses motivating case studies that
realistically mimic a data scientist’s experience. He starts by asking specific questions and answers these through data analysis so concepts are learned as a
means to answering the questions. Examples of the case studies included are: US murder rates by state, self-reported student heights, trends in world health
and economics, the impact of vaccines on infectious disease rates, the financial crisis of 2007-2008, election forecasting, building a baseball team, image
processing of hand-written digits, and movie recommendation systems. The statistical concepts used to answer the case study questions are only briefly
introduced, so complementing with a probability and statistics textbook is highly recommended for in-depth understanding of these concepts. If you read
and understand the chapters and complete the exercises, you will be prepared to learn the more advanced concepts and skills needed to become an expert.
An Introduction to Statistical Learning provides an accessible overview of the field of statistical learning, an essential toolset for making sense of the vast and
complex data sets that have emerged in fields ranging from biology to finance to marketing to astrophysics in the past twenty years. This book presents some
of the most important modeling and prediction techniques, along with relevant applications. Topics include linear regression, classification, resampling
methods, shrinkage approaches, tree-based methods, support vector machines, clustering, and more. Color graphics and real-world examples are used to
illustrate the methods presented. Since the goal of this textbook is to facilitate the use of these statistical learning techniques by practitioners in science,
industry, and other fields, each chapter contains a tutorial on implementing the analyses and methods presented in R, an extremely popular open source
statistical software platform. Two of the authors co-wrote The Elements of Statistical Learning (Hastie, Tibshirani and Friedman, 2nd edition 2009), a
popular reference book for statistics and machine learning researchers. An Introduction to Statistical Learning covers many of the same topics, but at a level
accessible to a much broader audience. This book is targeted at statisticians and non-statisticians alike who wish to use cutting-edge statistical learning
techniques to analyze their data. The text assumes only a previous course in linear regression and no knowledge of matrix algebra.
The twenty-first century has seen a breathtaking expansion of statistical methodology, both in scope and in influence. 'Big data', 'data science', and
'machine learning' have become familiar terms in the news, as statistical methods are brought to bear upon the enormous data sets of modern science and
commerce. How did we get here? And where are we going? This book takes us on an exhilarating journey through the revolution in data analysis following
the introduction of electronic computation in the 1950s. Beginning with classical inferential theories - Bayesian, frequentist, Fisherian - individual chapters
take up a series of influential topics: survival analysis, logistic regression, empirical Bayes, the jackknife and bootstrap, random forests, neural networks,
Markov chain Monte Carlo, inference after model selection, and dozens more. The distinctly modern approach integrates methodology and algorithms with
statistical inference. The book ends with speculation on the future direction of statistics and data science.
This volume is a collection of papers presented at a conference held in Shoresh Holiday Resort near Jerusalem, Israel, in December 2000 organized by the
Israeli Ministry of Science, Culture and Sport. The theme of the conference was "Foundation of Statistical Inference: Applications in the Medical and Social
Sciences and in Industry and the Interface of Computer Sciences". The following is a quotation from the Program and Abstract booklet of the conference.
"Over the past several decades, the field of statistics has seen tremendous growth and development in theory and methodology. At the same time, the advent
of computers has facilitated the use of modern statistics in all branches of science, making statistics even more interdisciplinary than in the past; statistics,
thus, has become strongly rooted in all empirical research in the medical, social, and engineering sciences. The abundance of computer programs and the
variety of methods available to users brought to light the critical issues of choosing models and, given a data set, the methods most suitable for its analysis.
Mathematical statisticians have devoted a great deal of effort to studying the appropriateness of models for various types of data, and defining the conditions
under which a particular method work. " In 1985 an international conference with a similar title* was held in Is rael. It provided a platform for a formal
debate between the two main schools of thought in Statistics, the Bayesian, and the Frequentists.
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